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ABSTRACT
Underlying humanity’s social abilities is the brain’s capacity to
interpersonally synchronize. Experimental, lab-based neuropsycho-
logical studies have demonstrated that inter-brain synchrony can be
technologically mediated. However, knowledge in deploying these
technologies in-the-wild and studying their user experience, an area
HCI excels in, is lacking. With advances in mobile brain sensing
and stimulation, we identify an opportunity for HCI to investi-
gate the in-the-wild augmentation of inter-brain synchrony. We
designed “PsiNet,” the first wearable brain-to-brain system aimed
at augmenting inter-brain synchrony in-the-wild. Participant in-
terviews illustrated three themes that describe the user experience
of modulated inter-brain synchrony: hyper-awareness; relational
interaction; and the dissolution of self. We contribute these three
themes to assist HCI theorists’ discussions of inter-brain synchrony
experiences. We also present three practical design tactics for HCI
practitioners designing inter-brain synchrony, and hope that our
work guides a HCI future of brain-to-brain experiences which fos-
ters human connection.
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1 INTRODUCTION
Inter-brain synchrony describes the tendency for brain activity to
synchronize between people when they interact [39, 45, 81, 90].
As large populations of neurons fire to allow the brain to signal
between its substructures, rhythmic patterns of electrical activ-
ity emerge known as neural oscillations (or ‘brain waves’ to the
layperson) [96]. These neural oscillations have been observed to
synchronize between participants’ brains during social interaction
[39, 45, 81, 90] (figure 2). It has been argued that this synchro-
nization is extremely beneficial to humanity’s evolutionary devel-
opment and success as a species, facilitates social behavior, and
suggests that the boundaries of consciousness may go beyond the
individual [10, 39, 45, 81, 90].
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Figure 1: PsiNet is the first wearable brain-to-brain interface allowing us to study the experience of inter-brain synchrony
in-the-wild

Figure 2: Two asynchronus brains (top) versus two synchro-
nous brains (bottom). Note that neural oscillations can differ
between people both in terms of phase (the length of the
wave) and amplitude (the height of the wave).

The benefits of inter-brain synchrony are evident when consid-
ering the many behaviors and experiences it underlies. For example,
romantic couples achieved higher degrees of inter-brain synchrony
compared to strangers, which correlated to behavioral synchrony,
suggesting that synchronization promotes interpersonal coordina-
tion and joint action [45]. Inter-brain synchrony has been found
to predict group performance in economic tasks [74] and increases
when people play music together [76], complete puzzles together
[27], and play games cooperatively rather than competitively [7, 83],
even in solving the prisoner’s dilemma [26, 39]. Brain synchroni-
sation has also been observed to increase when holding hands,
and is associated with the resulting reduction in pain experienced
[30]. Further human experiences that benefit from synchroniza-
tion include positive affect [45], decision making [39], cohesion
[11], agreeableness [101], and empathy [30]. These phenomena
even translate to digital interactions, with inter-brain synchrony
occurring between individuals in virtual environments [9, 32].

An argument could be made for exploring a new class of interac-
tive systems that "augment" inter-brain synchrony. Such systems
would artificially increase inter-brain synchrony, sustaining and
evoking this pattern beyond what is generally achieved through

coordinated human action alone. The addition of such interfaces to
our technological toolkit would ultimately provide the foundation
for designing technologies that strengthen interpersonal dynamics,
empathy and coordination across many application domains, such
as strengthening coordination in teams, assisting joint decision-
making, heightening playful group experiences, and increasing em-
pathetic communication through social technology. However, we
find limited knowledge regarding the design of systems to augment
inter-brain synchrony, possibly because inter-brain synchrony has
only recently begun to be considered in HCI [9, 33, 61]. However,
we find that the few related studies in inter-brain synchrony that
do exist are not only conducted in controlled laboratory settings,
but have also focused on the quantitative assessments of synchrony
oscillations. This focus leaves the experiential aspects of inter-brain
synchrony largely unexplored, which is unfortunate considering
that such knowledge would be fundamental to understanding the
user experience of inter-brain synchrony systems and useful in
informing their design. As humans are largely social in all facets
of life, it would make sense for these systems to be mobile, to fa-
cilitate access to the benefits of increased inter-brain synchrony
throughout their day.

Thus, considering this apparent gap in the literature, the present
study aims to understand the qualitative experience afforded by
inter-brain synchrony systems in the wild. To achieve this aim, we
ask the research question: “how do we design synchronising brain-
to-brain interfaces to be experienced in-the-wild?” To serve as an
artifactual probe in answering this research question, we designed
“PsiNet”. PsiNet is a novel networked wearable brain-to-brain sys-
tem, designed to increase inter-brain synchrony within groups by
sensing brain activity through electroencephalography (EEG) and
by modulating brain activity through transcranial electrical stim-
ulation (tES). We studied PsiNet “in-the-wild” [75], with a study
design that was primarily focused on the collection of qualitative
experiential data in order to address our aim of understanding the
qualitative experience afforded by inter-brain synchrony systems
in natural settings. Our primarily qualitative exploration was also
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supplemented by a smaller quantitative analysis of inter-brain syn-
chrony by measuring the circular correlation coefficient of group
EEG data before and after brain stimulation, to verify the system’s
potential in synchronizing brain activity interpersonally. Three
themes emerged from the results of this work, and we have con-
solidated them to contribute to the parameterization of the user
experience of brain-to-brain interfacing. We use this knowledge
to articulate an initial framework for discussing brain-to-brain in-
terface experiences which we hope will benefit HCI theorists of
inter-brain synchrony-based experiences. Additionally, we present
design tactics for HCI practitioners and designers interested in cre-
ating future systems. Our aim is to advance the HCI community’s
understanding of designing systems to promote inter-brain syn-
chrony, and guide the design of brain-to-brain interfaces toward a
technological future in which they foster human connection. We
detail our contributions below:

• A novel wearable brain-to-brain interface system designed
for inter-brain synchrony, capable of being deployed in-the-
wild, and with scalable user group sizes.

• Results from a study of the user experience of brain-to-brain
interfaces for inter-brain synchrony.

• An initial framework consisting of theoretical and practical
insights on the design of BBIs for inter-brain synchrony,
consisting of:
– An elucidation of the major themes underlying the user
experience of brain-to-brain interfaces in a naturalistic
setting. These themes can be useful for researchers aiming
to analyze the user experience of brain-to-brain interface
systems systems.

– Design tactics for the creation of future wearable inter-
brain synchrony-focused BBI systems. These tactics can
be useful for design practitioners aiming to create future
BBI systems to foster human connection.

2 RELATEDWORK
In order to answer the research question, we learned mostly from
prior work on brain-to-brain interfaces, and brain-computer inter-
faces for inter-brain synchrony.

2.1 Learning from brain-to-brain interfaces
Brain-to-brain interfaces are neural interfaces that allow for signal
transmission directly between brains by reading from one brain,
processing that information, and then stimulating another. BBI’s are
relatively new. Their first incarnations demonstrated that tactile and
motor information could be sent from encoder rats to decoder rats,
who reproduced the encoder’s behavioral choice to press the cor-
rect lever to receive a reward [68]. The information was extracted
from microelectrodes implanted in the encoder rat’s primary mo-
tor cortex, and then transmitted directly to a decoder rat’s brain
via microelectrodes in their primary motor cortex. Researchers
also used transcranial focused ultrasound (FUS) to communicate
information between a human and a rat [99]. Specifically, a human
participant communicated intention by looking at a strobe light,
producing changes to brain activity associated with vision, which

was recorded by EEG. Detecting this recording triggered a FUS-
induced excitation of an area of the rat’s motor cortex, causing tail
movement.

While these initial studies have shown BBI systems’ capability
to transmit sensory information between two organisms, trans-
lating BBIs towards human-to-human systems has been compara-
tively limited. One such human-to-human study involved internet-
mediated brain-to-brain communication, in which an “emitter” par-
ticipant’s motor-imagery was detected by EEG, to communicate
a ‘1’ or ‘0’, interpreted by the recipient as a magnetically induced
phosphene (the visual illusion of a bright flash of light brought on
by brain stimulation) [31]. While we acknowledge this work repre-
sents a leap forward as the first human-to-human BBI, we also argue
that binary signaling does not offer much past proof-of-concept.
While these prior works represent impressive technological feats,
their lab-bound nature and specificity present contemporary brain-
to-brain interfaces as over-engineered telegraphs, obfuscating how
and why they might be used beyond the lab, More recent BBI sys-
tems have similarly used the restrictive, specific, low bandwidth
modality of binary signaling through phosphenes. For example,
BrainNet [41] used an EEG interface to send a decision to rotate
or not rotate a block in a Tetris-like game from two senders, via
the internet, to one receiver by inducing phosphenes through mag-
netic stimulation. While this system demonstrates the capability
for BBI systems to be employed in group problem solving and in
interactions of more than two participants, the limited means of
information transmission and its lab-based setting fails to embrace
the ambiguity, richness, and complexity of the human brain, all
of which have been argued as important considerations when de-
signing brain-based interactions [13, 14, 79]. Consequently, when
these systems are removed from their lab setting and placed in the
real world, we find that they become over-engineered telegraphs,
missing out on the full potential of BBIs to share rich and detailed
experiential information between individuals.

These limitations are unnecessary considering recent techno-
logical advances, including the miniaturization of brain sensing
and brain stimulating technologies. These technologies could be
used to develop wearable BBI’s that could be studied in naturalis-
tic settings. Wearable brain-computer interface (BCI) systems are
becoming commonplace in HCI research, and there has been a re-
cent increase in wearable neurostimulatory devices. In combining
BCI and neurostimulation technologies, we have an opportunity
to take brain-to-brain interfaces out of the lab, and into the wild,
ushering in a new generation of wearable brain-to-brain interfaces
for augmenting inter-brain synchrony. While prior research noted
above exemplifies a growing move toward feasible brain-to-brain
information exchange. However, rather than promoting inter-brain
synchrony, the associated systems “task-ify” cognitive activities
by using the conscious and purposeful acquisition of a predefined
brain activity as a biological controller.In contrast, we propose that
BBI systems should learn from contemporary "read-only" brain-
computer interfaces, especially those contextualized within HCI
research, as these have demonstrated potential for augmenting
inter-brain synchrony, which we discuss in the next section.
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2.2 Brain-computer interfaces for inter-brain
synchrony

Several non-brain-to-brain BCI installations have explored inter-
brain synchrony. However, these explorations have mostly been
in artistic contexts [61], limiting the design knowledge for ubiqui-
tously augmenting inter-brain synchrony. For example, “HiveMind”
is an installation in which two performers on a stage generate light
pulses and sound in synchrony with the oscillations of their brains.
This process creates a feedback loop where the performers’ and the
audience’s brains enter synchronicity with the multi-modal pre-
sentation, cyclically modulating each other until participants reach
and share an altered state of consciousness. “SocioPathways” [24]
demonstrates how to apply inter-brain synchrony to game design.
Players are represented as dots on a screen and their dots become
closer to other players’ as they become more synchronous with
each another. This process continues until the brains of the group
converge on a singular synchronous oscillation and all the dots
move into a singular large clump. "NeuralDrum" [67] is an inter-
brain synchrony-focused drumming game where the goal of the
player is to hit objects in time with a musical rhythm. By situating
the experience within extended reality and employing players’ EEG
activity, the game expands traditional drumming games by adding
visual and audio distortion as players become more synchronous.
Through this mechanism, the game becomes easier while players
are out of sync, and harder as they became more synchronous.
However, participants reported that it was difficult to interpret
synchrony, and we anticipate that combining added difficulty with
higher synchrony might punish and discourage, rather than facili-
tate, inter-brain synchrony.

While more examples of inter-brain synchrony-based art instal-
lations exist (see “Brain Art” for an exhaustive list [61]), we find
that most are similar in that they use some sensory modality such
as sounds or visualisations to represent synchrony to audiences.
While these works demonstrate how brains can interact with each
other through technology, we contend that our work goes further
by offering a more direct channel between brains. Furthermore,
in these prior works, the systems require the participants to be
situated in some form of installation, be it a stage or a large display
they share. Moving forward, we instead extend this knowledge
toward the design of wearable systems such that users may benefit
from augmented inter-brain synchrony in-the-wild.

2.3 Opportunity for inter-brain synchrony
brain-to-brain interfaces

While the prior research hereto discussed has demonstrated proof
of concepts for the viability of brain-to-brain interfaces and the
promotion of inter-brain synchrony through social BCI systems,
we have found no prior works of these concepts in concert. More
specifically, there appears to be an absence of research focused on
designing for experiences of brain-to-brain interfaces for inter-brain
synchrony. We argue that there is an opportunity to further our
understanding of inter-brain synchrony brain-to-brain interfaces.
Considering the benefits that come with inter-brain synchrony,
and the wide variety of situations in which synchronization can
take place, this knowledge is important because it has the potential
to allow groups to benefit in their day-to-day living. With these

opportunities in mind, this paper addresses the research question:
“how do we design synchronising BBI’s to be experienced in-the-
wild?”

3 PSINET
In order to begin answering the question above, we designed PsiNet.
PsiNet is composed of three wearable units and an offsite server
hosting a reinforcement learning agent that supervises the system.
While inter-brain synchrony is observed when humans participate
in coordinated activities [45, 90], PsiNet explores how to design tech-
nologies that augment inter-brain synchrony, specifically through
perturbing brain frequency dynamic toward the underlying neural
activity seen during inter-brain synchrony, sustaining and evoking
this pattern beyond what is naturally possible through coordinated
human action alone. The following sections describe the design of
PsiNet and provide an overview of the system architecture and a de-
scription of the algorithm aimed to support inter-brain synchrony.

3.1 System architecture
Each wearable unit consists of an OpenBCI 16 channel Cyton EEG
board, mounted onto an OpenBCI Ultracortex Mark IV headset,
which houses 16 Ag/AgCI dry EEG electrodes (figure 3). Electrodes
were configured following the international 10-20 electrode config-
uration (figure 4). Each headset was modified to house an additional
four 5cm x 5cm sponge tES electrodes situated at the positions of F2,
F3, F4, and C3, stimulated by an onboard “foc.us V3” tES device. The
Foc.us V3 was chosen as PsiNet’s tES module due to its very small
size (approximately the size of a matchbox) allowing it to be wear-
able, contrasting to the desktop form factor of other tES systems
we considered. Furthermore, the foc.us V3 is capable of producing
both tDCS and tACS stimulation, allowing us to implement the
full range of tES stimulation types we identified to be useful to our
design based on our review of tES literature, which will be further
discussed in section 3.5 (see table 2). To facilitate the collocation
of EEG and tES electrodes on the same 10-20 positions, a hole was
cut in the top corner of each tES sponge holder, and the ultracortex
prong holding the EEG electrode was passed through the hole. A
moat of epoxy resin was moulded around the EEG electrode at the
contact point with the tES electrode sponge holder to both fasten
the EEG electrode in place while also serving to isolate the EEG
electrode from the tES electrical output. Participants were also fitted
with a small carry bag that contained a battery-powered Raspberry
Pi 4, connected to the headset via Bluetooth, with a tether from the
Pi to the headset to power tES stimulation. The Raspberry Pi was
also connected through participants’ home Wi-Fi to a server hosted
by the researchers where de-identified data was saved securely.

The headset sensed the electrical activity of each participant’s
brain and sent data to their Raspberry Pi for processing. This pro-
cessing resulted in the classification of the participant’s brain ac-
tivity as interpreted by our algorithm. Data was sent in 10-second
epochs since the system requires a window of time on which to base
its classification of the user’s state. Ten seconds was chosen as it
allows classification to be robust to noise, movement, and eye-blink
artifacts, while being short enough to respond quickly to changes
in the user’s brain activity [48].
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Figure 3: The components of PsiNet: 1 - Ultracortex, 2 - Open-
BCI Cyton Board, 3 - EEG Electrodes (blue bolts), 4 - tES
Electrodes (orange squares), 5 - tES Device, 6 - Raspberry Pi

Figure 4: The left shows a closeup of PsiNet fitted to the head
of a user. Note the orange sponges for tES stimulation. The
right illustrates PsiNet’s electrode configuration mapped on
to the internation 10 - 20 EEG electrode positions. Positions
in blue indicate the positions of EEG electrodes, and orange
outlines indicate a tES sponge electrode also fitted in that
position. Green indicates the positions of the ground and
reference EEG electrodes.

In describing the flow of information through PsiNet at a high
level, the pipeline (see figure 5) underlying PsiNet can be described
as having four major components. First is the EEG pre-processing
and subsequent classification of the brain activity of each member
in the group through measuring individual event-related desyn-
chronization/synchronization. Second is a weight matrix, which
considers what brain state each user is in, and then uses this infor-
mation to decide who in the group receives stimulation, and what
stimulation they will receive, with the aim of increasing inter-brain
synchrony. Third is the tES stimulation itself. Finally, fourth is the
calculation of the inter-brain synchrony of the group before and
after being stimulated, with the result of this calculation being used
to reinforce the weight matrix such that it better learns how to
increase inter-brain synchrony in the next stimulation.

3.2 Preprocessing and noise reduction
Before interpreting the brain activity, PsiNet first employs a series
of processes to filter the EEG signal, removing noise, and extracting
relevant features. To do this, raw EEG data is received in real-time
and passed, in 10-second windows, through a fourth order Bessel
bandpass filter between 0.5-48Hz; the standard relevant frequency

range in EEG signal processing [35, 93]. To correct for noise, in-
cluding ambient signal, eye blinks, and muscle artifacts, we ap-
plied a wavelet-based denoising filter called ‘coif3’ that efficiently
improves signal-to-noise ratios compared to other wavelet-based
filters [4, 44]. A mean smoothing filter was also applied [8] in ad-
dition to the wavelet denoising filter, adjusting for large shifts in
window variance that might be brought on by blinks and muscle
artefact . Finally, we calculated Welch Power Spectrum values using
a Blackman-Harris window for alpha (8-12.5Hz), beta (12.5-30Hz),
theta (4-8Hz), and mu (9-11Hz) bands [47].

3.3 Classifying brain activity
PsiNet classifies seven different brain activity states: concentration,
focus, stress, excitement, relaxation, boredom, and motor activ-
ity/imagery. Table 1 provides the theoretical basis underlying the
classification of each state of brain activity, as well as the method-
ological details of its execution. The rationale for this classification
is to accommodate a variety of different states that may arise dur-
ing an average user’s daily routine. While future BCI’s may be
able to capture a more broader range and nuance of the subjective
human experience, we are currently constrained by both our com-
putational and neuroscientific knowledge. Consequently, we have
attempted to approximate this range through the selection of broad
yet common brain states that have each been verified as reliable
[6, 28, 36, 53, 57].

3.3.1 Event related desynchronization/synchronization. To inter-
pret brain activity, PsiNet employs an “event-related desynchro-
nization/synchronization” (ERD) approach [6, 23, 43, 51]. We note
that ERDs are distinct from inter-brain synchrony in that ERDs con-
sider synchronization within the brain of a single individual, rather
than between individuals. For instance, it is understood that short-
lasting amplitude changes of neural oscillatory rhythms within a
predefined feature space in an EEG’s spectra corresponds to cortical
activity [70]. Combining knowledge of where this cortical activity
is taking place with the observation of an increase or decrease of
amplitude in that specific feature space, we are able to deduce the
underlying brain activity responsible for that shift in spectral ampli-
tude [23, 43, 51]. Therefore, if we have the foreknowledge of which
EEG channels and spectral power density bands are associated with
a specific state of brain activity, we can classify brain activity as
being in that given state by observing changes in those features. In
practice, classification of a user being in a given state was discrete
binary judgement made in real time by PsiNets algorithm, triggered
by a either an increase or decrease in EDR bandpower in bands
and channels channels relevant to the mental state relative to the
participants fixed baseline, based on the specific criteria identified
for each mental state described in table 1 in the column “classifi-
cation conditions”. These classifications were not logged for later
analysis but rather calculated, consumed and destroyed in real time
to facilitate the functioning of the system. Table 1 provides more
details for each individual classification.

We acknowledge that other approaches to interpreting brain
states through EEG could have been adopted. Specifically, machine
learning (ML) has become almost standard [55]. Whilst we adopt
a reinforcement learning system for guiding the distribution of
stimulation across participants (later described in 3.4), we opted
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Brain State Theoretical Basis Classification Conditions
Concentrate Increased theta band power over the frontal mid-line asso-

ciated with high cognitive load[57]. Decreased alpha band
power over parietal and occipital regions associated with
high cognitive load [6].

Negative theta and alpha ERD% (equation 1) in F1, F2, F3,
F4, F7, F8. Positive theta and alpha ERD% in O1, O2, P3, P4.

Focused Increased beta and theta band power in Fp1 and Fp2 associ-
ated with higher concentration. [53]. Significant decreases
in beta and theta band power found over C3, C4, and O2.

Negative Beta and theta ERD% in F1, F2. Positive beta and
theta ERD% in C3, C4, O2.

Motor Activity Decreased mu band power in electrodes over the motor cor-
tex when moving, imagining, or watching motor movement
[28, 36].

Positive mu ERD% in C3, C4, Cz.

Stressed Asymmetry of frontal alpha-beta activity between brain
hemispheres correlate with valance [2, 12, 46]. Increase in
the alpha/beta ratio on the mid-frontal cortex correlate with
arousal [2, 46, 73].

Positive Log2 of alpha/beta ratio ERD% in Fz. Negative dif-
ference between alpha/beta ratio ERD% in F4 and alpha/beta
ratio in F3.

Excited As above. Positive Log2 of alpha/beta ratio ERD% in Fz. Positive Differ-
ence between alpha/beta ratio ERD% in F4 and alpha/beta
ratio in F3.

Relaxed As above. Negative Log2 of alpha/beta ratio ERD% in Fz. Positive dif-
ference between alpha/beta ratio ERD% in F4 and alpha/beta
ratio in F3.

Bored As above. Negative Log2 of alpha/beta ratio ERD% in Fz. Negative dif-
ference between alpha/beta ratio ERD% in F4 and alpha/beta
ratio in F3.

Table 1: Brain states measured by our algorithm, the theoretical basis for making that classification, and the conditions that
must be met for that state’s classification.

to classify brain states using a rule-based system rather than a
ML system. Using a rule-based approach (ERD) we are able to
make inferences of the user’s brain states based on differences be-
tween their current EEG activity and values derived from a resting
baseline, with the baseline accounting for unique biometric prop-
erties of the user at rest. When compared to building a machine
learning model, a baseline of averages would require significantly
shorter time to establish (seconds) as demonstrated in past studies
[20, 22, 66, 71, 78, 80, 86, 87]. This is in contrast to personalised
machine learning models, which for tasks involving the detection
of cognitive states often require hours per participants and unique
training tasks and sessions dedicated to training the classification
of the different classification classes of interest, which may even ne-
cessitate multiple sessions over multiple days before the participant
can begin to use the system [3, 55, 63].

We also acknowledge that our approach of interpreting brain
activity from EEG as “states” embeds our work in a larger ongo-
ing contention regarding the interpretation of biodata as stateful
[38, 84, 85]. For example, some have warned that the entanglement
of psychology and computer science has led to the “calculability of
human subjectivity,” quantizing the individual into information for
psychographic models through which individuals can be digitally
categorized [84, 85]. Furthermore, some have argued that rather
than designing for discretely classified presentations of physiolog-
ical or psychological activity, designers should instead consider
ambiguous displays that allow for the user to form their own mean-
ing [38]. We nonetheless maintain our stance in applying a stateful

approach to the interpretation of EEG, grounding our system in neu-
roscience’s paradigmatic conceptualization of brain activity as dy-
namically stateful [29, 58, 77, 92]. The functional neuroanatomical
representations of brain states like affect are robust, generalizable,
and produce predictable reactions in response to corresponding
stimuli [18]. Also, considering PsiNet employs neurostimulation,
the safety of employing non-categorical tES stimulation is relatively
unknown, as we find that neurostimulation research to date has
been focused on discrete simulations for categorical brain functions.

3.3.2 Establishing a baseline for calculating ERD’s. To calculate
ERD’s, we require an individualized baseline recording for each
participant, which quantitatively describes their brain in a normal
resting state. Since EEG signals can differ between individuals due to
age, head shape, hair density, and so on, comparing absolute powers
of frequency bands is not advisable [6]. Instead, we calculated ERD’s
as a percentage divided by the baseline [6].

𝐸𝑅𝐷% = 100 × 𝑏𝑎𝑠𝑒𝑙𝑖𝑛𝑒𝑏𝑎𝑛𝑑𝑝𝑜𝑤𝑒𝑟 − 𝑝𝑟𝑒𝑠𝑒𝑛𝑡𝑏𝑎𝑛𝑑𝑝𝑜𝑤𝑒𝑟

𝑏𝑎𝑠𝑒𝑙𝑖𝑛𝑒𝑏𝑎𝑛𝑑𝑝𝑜𝑤𝑒𝑟
(1)

Each day of system use, the first 10 seconds were considered for
calculating baseline values for ERD classifications (again, we stress
that this is separate to the calculation of inter-brain synchrony). Our
choice of a 10 second baseline was informed by previous studies
also employing ERD BCI paradigms. We found that previous works
employed baselines ranging from less than 1 second to 10 seconds.
Specifically, we found studies to report adopting ERD baselines of:
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0.1 second [78], 1.5 seconds [22], 3 seconds [20, 66, 87], 4 seconds
[71], and 10 seconds [80, 86]. Considering this, we decided to imple-
ment a baseline of 10 seconds to err on the side of caution finding it
was a conservative time window. Participants were informed that
the first 10 seconds of use would form a baseline that would be
important for the system to function correctly. Participants were
instructed to get into a comfortable and unoccupied state, only
turning the system on when they felt they were ready.

3.4 Weight matrix calculations
Once the concurrent brain activity of each user was classified, clas-
sifications were sent to the central server. The server hosts a re-
inforcement learning agent (a weight matrix) that decides which
group member receives what kind of neurostimulation based on
the brain activity of other members of the group, with the agent
motivated to ultimately increase the group’s inter-brain synchrony.
After classifications were made, a binary state vector was gener-
ated for each group member, in which a "1" signifies that the user
met the conditions for that state, and a "0" indicates they did not.
Concatenating these into one state matrix S, we get, for instance:

𝑆 =


[𝑙] Con Foc MI Str Exc Rlx Brd
P1 1 0 1 0 1 0 0
P2 1 1 0 1 0 0 0
P3 0 1 0 0 0 0 1

 (2)

The state matrix is then multiplied by a weight matrix Wi,j,
where entry (i,j) represents the probability that a user’s state i
will trigger stimulation j in the rest of the group. The weightings
themselves were initially set to favor intuitive outcomes while
remaining close to chance value. The system was reinforced by
changes in the group and weightings were updated according to
favorable pairings. The exact initial starting values of the matrix
weremade as a design decision based on trial-and-error experienced
gained through prototyping the system. The initial Wi,j matrix was:

𝑊𝑖, 𝑗 =



𝑚𝑜𝑡𝑜𝑟 𝑐𝑜𝑛𝑐𝑒𝑛𝑡𝑟𝑎𝑡𝑒 𝑟𝑒𝑙𝑎𝑥 𝑝ℎ𝑜𝑠𝑝ℎ𝑒𝑛𝑒

𝑐𝑜𝑛𝑐𝑒𝑛𝑡𝑟𝑎𝑡𝑖𝑛𝑔 0.5 0.6 0.5 0.5
𝑓 𝑜𝑐𝑢𝑠𝑒𝑑 0.5 0.6 0.5 0.5

𝑚𝑜𝑡𝑜𝑟 − 𝑖𝑚𝑎𝑔𝑒𝑟𝑦 0.62 0.5 0.5 0.5
𝑠𝑡𝑟𝑒𝑠𝑠𝑒𝑑 0.5 0.5 0.5 0.59
𝑒𝑥𝑐𝑖𝑡𝑒𝑑 0.5 0.5 0.5 0.5
𝑟𝑒𝑙𝑎𝑥𝑒𝑑 0.5 0.5 0.5 0.5
𝑏𝑜𝑟𝑒𝑑 0.5 0.5 0.5 0.5


(3)

We then multiply these matrices:

𝑆∗𝑊𝑖, 𝑗 =


𝑚𝑜𝑡𝑜𝑟 𝑐𝑜𝑛𝑐𝑒𝑛𝑡𝑟𝑎𝑡𝑒 𝑟𝑒𝑙𝑎𝑥 𝑝ℎ𝑜𝑠𝑝ℎ𝑒𝑛𝑒

𝑝𝑎𝑟𝑡𝑖𝑐𝑖𝑝𝑎𝑛𝑡1 1.62 1.6 1.5 1.5
𝑝𝑎𝑟𝑡𝑖𝑐𝑖𝑝𝑎𝑛𝑡2 1.5 1.7 1.5 1.59
𝑝𝑎𝑟𝑡𝑖𝑐𝑖𝑝𝑎𝑛𝑡3 1 1.1 1 1


(4)

Each person then receives the stimulation type with the highest
magnitude, which does not belong to their row. In this case, we get:

𝑐𝑎𝑛𝑑𝑖𝑑𝑎𝑡𝑒𝑜𝑢𝑡𝑝𝑢𝑡𝑠𝑡𝑖𝑚𝑢𝑙𝑎𝑡𝑖𝑜𝑛 𝑟𝑒𝑐𝑒𝑖𝑣𝑒𝑑𝑠𝑡𝑖𝑚𝑢𝑙𝑎𝑡𝑖𝑜𝑛

𝑝𝑎𝑟𝑡𝑖𝑐𝑖𝑝𝑎𝑛𝑡1 𝑚𝑜𝑡𝑜𝑟 𝑐𝑜𝑛𝑐𝑒𝑛𝑡𝑟𝑎𝑡𝑒

𝑝𝑎𝑟𝑡𝑖𝑐𝑖𝑝𝑎𝑛𝑡2 𝑐𝑜𝑛𝑐𝑒𝑛𝑡𝑟𝑎𝑡𝑒 𝑚𝑜𝑡𝑜𝑟

𝑝𝑎𝑟𝑡𝑖𝑐𝑖𝑝𝑎𝑛𝑡3 𝑐𝑜𝑛𝑐𝑒𝑛𝑡𝑟𝑎𝑡𝑒 𝑚𝑜𝑡𝑜𝑟


(5)

If group neural synchrony increases, the system rewards each
i,j weighting that was not zeroed by the S matrix from the corre-
sponding column in the Wi,j matrix by 0.05, or reduces it by 0.05 if
synchrony did not increase. In the above example, if the "motor"
synchrony stimulation from participant 1 was run on the other
participants and an increased inter-brain synchrony is observed
within the group, the "concentrating", "motor-imagery" and "ex-
cited" entries under the "motor" column of Wi,j would each increase
by 0.05, increasing the likelihood that these pairings result in motor
stimulation in the future, where this new Wi,j will function.

3.5 tES stimulation
After the weight matrix decides who to stimulate and which type
of stimulation to use, PsiNet then delivers said stimulation through
the use of transcranial electrical stimulation (tES). The decision to
use tES was multifaceted. Our primary motivation was due to the
technology’s portability, with the model that we used being under
5 cm cubed, battery-powered, and Bluetooth compatible.

3.5.1 tES with EEG. We acknowledge that tES produces electri-
cal activity and introduces exogenous current to the brain. Hence,
there is the potential for the stimulation to introduce noise to EEG
readings. In anticipation of this, we designed the system such that
the EEG of a given participant would not be read whilst they were
being stimulated. This absence in the data stream did not interfere
with assessing inter-brain synchrony, as measures of inter-brain
synchrony were taken just before stimulation and 30 seconds after
stimulation. Thus, EEG data during stimulation was not needed
for the calculation of post-stimulation change in inter-brain syn-
chrony. Furthermore, as classifications could not be made during
stimulations due to the absence of data, this simply meant that
participants could not stimulate others while they themselves were
being stimulated.

3.5.2 Stimulations and electrode positions. The electrode positions
chosen for tES stimulation are described in Table 2 and expressed
using anatomical features and international standard 10-20 elec-
trode positioning, based on their validity from past research [72, 89].
We considered these choices of stimulation types to be acceptable
because they appear consistently across tES reviews, and their effi-
cacy is validated as producing consistent results [72, 89]. We note
that we employed the lower limit of the recommended time for
each stimulation to prevent over-stimulation [62, 98] (table 2).

3.5.3 Classification-stimulation pairings and the experience of stim-
ulation. We found that our chosen tES stimulations could coinci-
dentally be easily paired with the EEG classifications we employed,
with all EEG classifications having a thematically corresponding
stimulation. To further understand how these classifications and
stimulations relate to each other, four researchers trialed the stimu-
lation on themselves and individually took notes describing their
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Stimulation
Name

Stimulation
Locations

Parameters Duration

Motor Between C3
and rSupraOr-
bital

tDCS; 1.5mA;
anodal [89]

2 minutes

Relaxation Between F3 and
F4

tDCS; 2mA; an-
odal [89]

2 minutes

Cognition Between F3 and
rSupraOrbital

tDCS; 2mA; an-
odal [89]

5 minutes

Phosphene Between F3 and
F4

tACS; 1.5mA;
12Hz; bipolar
[72]

10 seconds

Table 2: tES stimulation names, electrode locations, parame-
ters, and duration of each stimulation type

experience as soon as the simulation was complete. Each researcher
then compared notes and coded each experience. Experiences with
common codings across each researcher were then described gener-
ally by the first author and compared to descriptions in the literature.
A summary of descriptions is provided in table 3.

3.5.4 Safety features. We followed safety recommendations from
the device’s user guide and the literature. With respect to use of tES
stimulation in a non-clinical setting, we tailored our stimulation
to be below the safe maximum [62, 98]. Considering the sources in
table 2, we implemented a number of steps to ensure that parame-
ters were below that of what is recommended. This included long
"cooldown" periods between simulations to allow for endogenous
neural activity to return to normal before a sequential stimulation
and amperage limits that did not exceed 2mA. We also maintained
an exclusion criteria during recruitment to avoid populations that
might be at risk of harm when using PsiNet. This included the fol-
lowing conditions: a history of brain surgery, head trauma, and/or
cognitive deficit; a history of tumor, stroke, seizures, epilepsy, or
other intracranial diseases; the implantation of intracranial metal;
the wearing of a pacemaker; and pregnancy.

3.6 Measuring inter-brain neural synchrony
Once the system administered neurostimulation, the system cal-
culated whether that round of stimulations increased the group’s
inter-brain synchrony. If the system was successful in increasing
inter-brain synchrony, the agent was rewarded, strengthening the
connections between inputs and outputs that lead to that result. In
related works, measures of inter-brain synchrony are most often
measured using Phase Lock Value (PLV) and Phase Lock Index (PLI)
[9]. However, Burgess et al. [17] found that PLV and PLI can re-
sult in spurious hyper-connections when study conditions are not
well-controlled. Considering this, we chose the circular correlation
coefficient (CCorr) [40] as our measure of neural synchrony, as it
has been shown to be more robust [17].

CCorr is defined as:

𝐶𝐶𝑜𝑟𝑟𝜙,𝜓 =

∑
𝑖 𝑠𝑖𝑛(𝜙 − 𝜙)𝑠𝑖𝑛(𝜓 −𝜓 )√︃∑
𝑖 𝑠𝑖𝑛

2 (𝜙 − 𝜙)𝑠𝑖𝑛2 (𝜓 −𝜓 )
[17] (6)

Figure 5: Pictorial depiction of the algorithm behind PsiNet.
Where 𝜙 is one user’s phase angle at time i, 𝜓 is another user’s
phase angle at time i, and 𝜙 and𝜓 are the mean phase angles over
that epoch. High covariance and CCorr values closer to 1 indicate
synchrony, while low covariance and CCorr values closer to 0
indicate little synchrony [37].

Pairwise CCorr values for all participants were calculated, and
transformed to Fisher’s z; letting CCorr equal r :

𝑧 =
1
2

log𝑒 (
1 + 𝑟
1 − 𝑟

) (7)

These z values were averaged over, and this average was then
transformed using the inverse of (7). These transforms were done to
circumvent the bias introduced from averaging over multiple corre-
lation coefficients [82]. In regard to how andwhen group inter-brain
synchrony was measured, we assessed group inter-brain synchrony
though taking readings of CCorr just before each stimulation, and
30 seconds after each stimulation.

3.7 Preventing trivial observations of
inter-brain neural synchrony

To measure changes in inter-brain synchrony resulting from the
presented stimulation, we made comparisons between CCorr just
before the initiation of stimulation and 30 seconds after stimula-
tion was completed. This time window was chosen to mitigate the
chances that readings of increased synchrony were due to partic-
ipants cognitively attenuating toward the sensations associated
with the stimulation, rather than the neuronal activity resulting
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Stimulation Name Literature Description Our Experience
Motor Experiences of heightened reflexes and reaction

times, a heightened desire to move, and a predis-
position toward thinking about moving [89].

Feelings of restlessness and strong mental im-
agery of performing movements such as “hoisting
a flag” while our eyes were closed.

Relaxation Drops in physiological activity indicative of
arousal, such as a decrease in heart rate and with
reported experiences also indicating a lowering
of self-perceived arousal [89].

Mild feelings of heaviness.

Cognition Experiences of heightened mental acuity, includ-
ing improvements in focus and concentration and
improvements in the performance of tasks de-
signed for testing cognitive abilities such as recall
and cognitive load [89].

Feelings of heightened arousal, with intensity
ranging between a feeling of increased energy,
to feeling agitated or hyper-vigilant.

Phosphene Perceptions of flashing lights in the periphery of
the visual field, which blink at the speed of the
simulation’s frequency (e.g., a stimulation at 12Hz
will result in seeing twelve blinks per second)
[72].

Our own experiences corroborated this experi-
ence.

Table 3: Comparisons of experiences of tES stimulation documented in the literature with our own documented experiences.

from the stimulation, by providing a time window for their brain
activity to normalize and habituate to the introduction and sub-
sequent removal of the sensation of stimulation. We believe this
time window was short enough to prevent measures of change in
synchrony that might have resulted from participant activities or
interpersonal interaction. Therefore, any increase identified after
stimulation was most likely due to the tES stimulation itself and not
caused by situational factors or other stimuli. Finally, the system
rewards the relevant weights in Wi,j if this final value is greater
than the CCorr value measured just before stimulation occurred.

4 METHOD
The following sections detail the methods we used to study the user
experience of PsiNet.

4.1 Participants
Nine participants were recruited for our study, four males and
five females, with no participants identifying as non-binary or
self-described. There was a mean age of 35 years (SD = 14.34). Par-
ticipants were recruited as groups of three. This included families,
housemates, and close friends. Participants were recruited from a
healthy, non-clinical population. To gather our sample, we adver-
tised our study via our lab’s mailing list and social media pages.
Participants were given no compensation for participation. They
were seemingly participating in the study out of genuine interest.
As the study was conducted toward the beginning of the pandemic
wherein many people were at home but not working, participants
often stated they were excited to participate because they "wanted
something to do".

The choice of focusing on participant groups from a shared
household was multifaceted. Firstly, the study was conducted dur-
ing a Covid-19 lockdown. Consequently, we were unable to conduct
a study in which participants from other households could congre-
gate and use the system together. Furthermore, the sharing of a

single IP address between participants was greatly beneficial in en-
suring a stable connection between headsets during use sessions, as
all headsets were connected on the same local network. Co-location
also had the added benefit that all participants were more likely
to be available at similar times, maximizing the time they could
spend using the system together. Participants completed a medical
questionnaire to ensure they did not exhibit any conditions listed
in the exclusion criteria. Participants provided informed consent
before beginning their participation in the study.

4.2 Procedure
Our study of PsiNet employed an "in-the-wild" approach, which
can be described as a research design that centers on studies taking
place outside the lab and situated within naturalistic settings such
as homes and communities for extended periods, with the inten-
tion that researchers develop an understanding of the impacts and
affordances given technologies have on "real-world" day-to-day life
[16]. We intended this study to be an exploration of the themes
and factors underlying the design and associated user experiences
of inter-brain synchrony interfaces. The in-the-wild approach al-
lowed us to uncover naturally occurring experiential themes that
emerged through interacting with PsiNet, highlighting them for
more directed future studies using controlled experimental designs
with specific hypotheses. With this in mind, we opted not to con-
strain participant use of the system to facilitate an exploration of
potential naturalistic use cases and contexts, wanting to observe
how participants explored how this technology could fit into their
lives.

Following ethics board approval, groups were given PsiNet head-
sets. Each group was to use PsiNet at their own discretion over
three days. Participants were free to go about their daily activities
while wearing PsiNet. Participants were instructed to try and use
the system for at least 15 hours total during their time with PsiNet
(i.e. not 15 consecutive hours but rather spread over the time they
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had the system). Participant reports of system use illustrated that
the system was only used on average 3.81 hours per participant.
This may have been due to the system being uncomfortable to
wear for extended periods, which will be future discussed in the
qualitative results.

Before receiving their PsiNet headsets, participants provided
measurements of the circumference of their heads to ensure a good
fit, connection to the scalp, and correct electrode placement. Three
sizes were available to each participant: small (40-50cm), medium
(48-58cm), and large (58-65cm), and each size could be adjusted
by loosening and tightening screws supporting the headset’s elec-
trodes.

4.2.1 System use. Participant groups were sent their PsiNet head-
set in the mail. Participants were instructed to wear the system
whenever possible. Each group consisted of three group members
within a single household who were required to wear their headsets
concurrently during each use session (the system did not provide
stimulation unless all group members wore their PsiNet headset).

For each groups’ first session, participants were guided on set-
ting up the system through a teleconference meeting, in which
the researchers ensured that PsiNet was properly fitted and that
the system was running correctly. The researchers were able to re-
motely monitor the data, ensuring that the system was interfacing
with the brain correctly and that the data being passed through the
system was of good quality (e.g., if the electrodes were exhibiting
good impedance and producing clean signal). During each session,
participants notified the researchers when they were about to be-
gin using the system via a call or text, allowing the researchers to
monitor the data stream to again ensure proper operation of the
system, and good quality data, while also enabling troubleshooting
of problems and to provide support. This support was necessary
for all groups, as there were house-specific startup issues when
participants used the system for the first time.

How PsiNet worked specifically was omitted, allowing partic-
ipants to establish their own understanding. Specifically, we ex-
plained to participants that there is a natural tendency for human
brains to synchronise during the performance of social activities.
We then stated that we designed a system that attempts to artifi-
cially induce synchronous brain activity through brain stimulation.
Finally, we explained to participants that we were interested in
exploring what kind of experiences such a technology would create,
and what kind of uses people might find for it in day-to-day life.
However, the first group contacted us requesting more information
about the stimulations and therefore knew the four different stimu-
lation types. Participants were informed that “there is no predefined
task for [them] to complete with PsiNet. Rather, we [encouraged
them] to use PsiNet at will in [their] day-to-day life to explore the
system’s affordances and experiment with it by trying different
activities, reflecting on subsequent experiences”. During this three-
day period, participants kept an electronic diary to document any
noteworthy thoughts or experiences they had with the system.

Participants reported completing a variety of activities with the
system, which included: working (writing, programming, complet-
ing assignments, and administrative work), playing games (card
games and videogames), watching television, cooking, eating, and

housework. All participants were working from home and thus
were able to participate in the study while working.

Figure 6: Users wearing PsiNet while playing a videogame.
Groups playing games together while using PsiNet was a
common behavior exhibited by participants in our study.

4.2.2 Debriefing phase. On returning the system, participants were
involved in a semi-structured interview, focusing on their experi-
ences of the system and how it facilitated experiences of inter-brain
synchrony. These interviews—lasting an average of thirty minutes
per participant—were conducted individually, using a videoconfer-
ence, and they were recorded.

5 RESULTS
In this section, we present both the qualitative and quantitative
results of the present study. Note that as the contribution yielded
through our study is primarily concerned with the understand-
ing of user experiences afforded by inter-brain synchrony BBI’s
in-the-wild, our results and analyses are primarily qualitative in
nature (section 5.1). Nonetheless, we also provide a complimentary
quantitative analysis in section 5.2 in which EEG activity is ana-
lyzed to verify whether the system significantly increased group
inter-brain synchrony through the circular correlation coefficient
(CCorr) metric.

5.1 Quantitative analysis of inter-brain
synchrony

To evaluate whether the group’s inter-brain synchrony increased
after stimulation, we measured group inter-brain synchrony before
and after each stimulation, as given by the metrics CCorrbefore, and
CCorrafter, respectively. As discussed in 3.6, we transform these val-
ues using Fisher’s z-transform (equation 4), since z becomes normal
with increased sample size and can thus be used to conduct tests
of significance and calculate confidence intervals [60]. Hereafter,
references to CCorr values are to their z-transformed values.

On average, the system was used for 3.81 hours per group total,
with each use session lasting for an average of 1.27 hours. During
each use session, participants received on average 5.56 stimulations,
with an average stimulation frequency of 4.38 stimulations per hour.
The total number of inter-brain synchrony change measurements
across all groups and participants given by CCorr was 48.

We removed two outliers where the CCorrbefore value was 0.035,
likely due to signal artifacts like movement or sensor interruption.
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Descriptive statistics for the remaining data are summarised in
Table 4.

CCorrbefore CCorrafter
Valid cases 48 48
Mean 0.88 0.92
Standard deviation 0.16 0.14
Minimum 0.68 0.63
Maximum 1.34 1.26

Table 4: Descriptive statistics for z-transformed circular cor-
relation values before and after stimulation.

The difference in CCorrafter and CCorrbefore was evaluated, with
this value ranging from -23.26%, and 38.92%, with an average of
3.78% and standard deviation of 10.74%. Thus, on average, group
inter-brain synchrony increased after stimulations, as given by the
metric CCorr.

A Shapiro-Wilk test found evidence that CCorrbefore was not
normally distributed (p < .001) and no evidence that CCorrafter was
not normally distributed (p = 0.54). Thus, to investigate whether
the increase in group inter-brain synchrony after stimulation was
statistically significant, we performed a two-tailed, paired-samples,
Wilcoxon signed-rank test. We found that CCorrafter is significantly
greater than CCorrbefore, with Z = 794.00, p = 0.035, indicating
that the increase in group inter-brain synchrony was of statistical
significance. This result had an effect size, calculated by thematched
rank bi-serial correlation, of 0.35. These results will be discussed in
6.1.

5.2 Qualitative analysis of user experience
In analyzing the interviews and participant diaries, three major
themes were revealed. Participant diaries were integrated with
interview data in that each participant’s diary was appended to
the end of their respective transcript Analysis of the collected data
was performed inductively through thematic analysis [9] in which
six researchers independently reviewed transcripts and participant
diaries and coded the data. Each unit of data represents a completed
sentence from the data. Codes were iteratively clustered into high
level groupings agreed upon between researchers until they were
consolidated into three final themes emerging from the data. The
following sections investigate these results further by articulating
three themes: dissolution of self, hyper-awareness, and relational
interaction.

5.2.1 Theme 1: Dissolution of Self. This theme describes 40 units
of data in which participant recounts implied a blending between
the subjective selves of those using the system. Eight participants
described feelings of uncertainty regarding what stimulation they
were receiving, and from whom they were receiving it. This was
compounded by the observation that participants often did not
directly interact with the system but often allowed it to operate
passively, noting that at times they were unaware of whether a
stimulation was taking place. Five participants noted that it was dif-
ficult to appraise whether their feelings, affects and behaviors were
purely endogenous, or under exogenous influence. In the pursuit

Theme Group Quote
Dissolution of
Self: A
blending
between the
subjective
selves of those
using the
system

1 “I’d associate a flashing light to
something high energy. Maybe
if someone was quite agitated,
that might explain why our
housemate got a phosphene”
(P2).

2 “Your kind of don’t know why
you are doing things or to what
degree you’re influencing each
other. You don’t really know
where [stimulations] are com-
ing from” (P6).

3 “We felt connection and being
able to affect each other with-
out having to act. It was like a
phone picking up on your emo-
tions and brain states and send-
ing a message for you” (P8).

Hyper-
awareness:
The system
promoted a
heightened
level of
awareness
toward their
own feelings
and those of
the group.

1 “Wewere all working separately
and there was the stimulation.
I noticed I started to feel like I
had a coffee. And then I think
my partner got stimulation as
well, and then a housemate in
the other roommessaged us say-
ing that they got a phosphene”
(P1).

2 “I heard the [stimulation] while
I was in the flow of my work. I
knew everybody else was doing
work, I was wondering if every-
one else was also in their own
flows and it made me feel con-
nected to them” (P5).

3 I would have a look at the oth-
ers and think “What are they
doing? Are they talking about
[the stimulation]? Are they talk-
ing about the sensation?”

Relational
Interaction:
Participant
experience of
the system was
influenced by
the relations
between
elements
within its
context of use

1 We were just hanging out and
being silly, trying to influence
each other [‘s brain activity]”
(P1)

2 “I almost forgot entirely about
the study [while on my own]”
(P5).

3 [I though], hmm, maybe I’ll sit
down and watch Netflix and see
how [the groups stimulations]
differ” (P8).

Table 5:

of trying to understand the source of the stimulation, participants
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found themselves empathizing with their group. Six participants
stated that their thoughts contributed equally to the function of the
system, believing they controlled the system together. When the
interviewer asked participants where they felt the power lay in di-
recting the flow of information across the system and its users, most
participants described feelings of an equal distribution of agency
over the system and the others in their group. Other participants
described feeling little control over the system, feeling stimulations
were random and without pattern.

5.2.2 Theme 2: Hyper-Awareness. This theme describes 48 units
about participants’ descriptions of how the system promoted a
heightened level of awareness individually and as a group, labeled
“hyper-awareness.”. Seven participants discussed the way their body
was feeling when they were receiving stimulations and how it made
them reflect on what they were doing at the time when the stimula-
tion occurred. While attention was usually directed toward external
bodily sensations, participants also discussed being mindful of how
they felt internally. Participants described how their state of bodily
awareness was brought to the fore by the unintended audio de-
sign feature of the headset, specifically the clicking sound made
by the relays when stimulation began. Participants experimented
with different activities while using PsiNet in order to understand
how the system reacted. As participants began experiencing the
stimulation and discussed the resulting sensations, they became
more aware of their shared experience. For example, more than half
of the participants played games while using PsiNet. As a result
of their experimentation, participants reported experiences of in-
creased team cohesiveness, with five participants reporting feelings
of connectedness and feelings of closeness even when in separate
rooms, describing how the physical sensation of the stimulation
made them reflect on how they and their group was feeling. Partici-
pants discussed their group having a similar state of consciousness,
describing how they were not certain if the shared sensations put
them in a flow state but nonetheless chose to "believe" this was the
case.

5.2.3 Theme 3: Relational Interaction. This theme describes 36 units
about participants’ descriptions of how the system was influenced
by the relations between elements within its context of use. Par-
ticipants experimented with different social activities while using
PsiNet, such as playing cards (P4, P6), playing video-games (P1, P2,
P3, P6), and watching TV (P8). Some participants reported feeling as
though PsiNet improved the group’s performance in the tasks they
were jointly engaged in. Five participants described their attitudes
toward PsiNet positively using words like, "curious," "excited," and
"new". Such curiosity drove participants to play and explore with
PsiNet. They consciously strove to adjust their brain activity or the
task they were doing to see what kind of social interaction could be
triggered by PsiNet. In the context of group activities, participants
reported more “playful” experiences (P1). The presence of PsiNet
in these group activities also contributed toward a feeling of com-
bined enhancement of ability in the activity they were engaged in.
Participants also believed that the system might have changed how
their group interacted as they used the system, and believed that it
could “amplify” (P8) how someone was feeling by stimulating the
others in the group. Some participants noted that they were able
to get into solid workflow states while doing work individually,

reporting they could "concentrate intensely" (P8) and felt “the time
is passing really quick” (P7). Participants also suggested that they
felt “a silent motivation” (P3) when working by themselves because
they still felt connected to others in the group through PsiNet.

6 DISCUSSION
In this section, we discuss our study’s quantitative and qualitative
results.

6.1 Discussion of quantitative results
Our results showed that neural synchrony increased in the period
after stimulation, compared to the period just before stimulation.
While this result could indicate that PsiNet was able to increase neu-
ral synchrony in the group, as was intended, we proceed cautiously
in drawing such a conclusion. We acknowledge that results may
depend on the epoch length analysed, and little research exists to
guide appropriate epoch lengths for measuring neurostimulation-
triggered increases in inter-brain synchrony [95]. Furthermore, it is
difficult to infer exactly how the stimulations may have increased
group neural synchrony. Considering how conscious experiences
can be considered as integrated [88], it would be impossible to
separate what contribution the stimulations were having to the
individual’s conscious experience from other causal factors. This
uncertainty is consistent with participant’s experiences, with P2
stating that “...it was very difficult to tell what stimulation you were
getting and. . . [any] change in your mental state”, and P3 similarly
stating, “there was no way to tell...which stimulation you were getting
and. . . hard to correlate that with what people were doing”. Nonethe-
less, the significant effect measured in our quantitative analysis
of CCorr suggests that brain-to-brain interface use was associated
with increased inter-brain synchrony, validating participants’ expe-
riences and beliefs that the system was influencing them and their
group. This result also illustrates the strong potential for future
iterations of brain-to-brain interfaces to be powerful tools in the
amplification of inter-brain synchrony, which will no doubt become
more effective and efficient as technology improves. We therefore
believe our research frames the future development of BBI’s as an
important technological instrument in the design of systems for
strengthening interpersonal relationships and group dynamics.

6.2 Discussion of qualitative results
Here we discuss the themes from section 5.2 in the broader context
of the literature.

Regarding the theme, dissolution of self, participants reported
feelings of ambiguity as to whether their conscious experience
resulted from endogenous or exogenous causes, from their "selves"
or from the system. We acknowledge that users experienced some
ambiguity over what the system’s feedback meant. This ambiguity
seems to be endemic to systems that interact with users without
requiring conscious attention [69]. Systems that modulate the user’s
physiological processes influence users in ways that may be difficult
to articulate or be consciously accessed by the user [69]. Our results
suggest this promotes feelings of a sense of ownership [54, 59]
over the physiological activity invoked by the system’s output
and a sense that agency over the system is equally distributed
across users in the network. Furthermore, this could suggest that
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as humans integrate with technology, we may trend towards the
experience of a seamless blend of the self with technology, and thus
the dissolution of the old self into something "other". This notion
speaks to recent human-computer integration research and theory.
In their “bodily integration framework”, Mueller et al. [54] describe
the user experience of bodily integration systems—systems inwhich
the human body and computational machinery are tightly coupled
in a way that allows for bidirectional actuation—and acknowledge
that both human and machine can possess agency and enact on
each other. This human-machine relationship allows for the system
to be experienced as something that modulates or extends the
human body. The authors describe bodily integration using two
axes comprised of psychological concepts: “bodily agency,” (the
feeling that the user has control over their body or the machinery
acting upon it); and “sense of ownership,” (the degree to which the
user feels they are the owner of their body, or that the system is part
of their body). In the case of PsiNet, the ambiguity of the system’s
stimulation and its ability to modulate the user’s brain activity
without their attenuation ultimately allowed the output of other
brains to be experienced with a high sense of ownership, meaning
these individuals felt their modified cognitive experience to be
their own. Users can find it difficult to separate their own unique
cognitions from the collective cognitions of the group, suggesting
that they can at times experience exogenous feelings, which come
from the stimulation of the system, as their own naturally occurring
endogenous feelings. This high sense of ownership is complimented
by the notion that participants felt that agency within the system
was homogeneously distributed across all users. This allowed PsiNet
to facilitate experiences of collective agency, characterized by the
feeling of “we did that” rather than “I did that.” Thus, we can say that
the PsiNet users experienced the output of other brains with a high
sense of ownership and agency, ultimately extending the theory of
bodily integration by demonstrating that bodily integration can also
take place between human and human, rather than just between
human and machine.

In our second theme, Hyper Awareness, users initially experi-
enced increased bodily awareness while adjusting to the headset.
But as participants habituated to the sensation of wearing the head-
set, their increased awareness arose from anticipating the next
stimulation and observing other group members having similar
experiences. As a result, participants reported experiences of in-
creased team cohesiveness, connectedness, and feelings of closeness
even over a distance. This increased awareness is consistent with
the findings of Andres et al. [5]. In relation to their theme, "The
User Experience of Peripheral Awareness as a Mechanism for Inte-
gration," participants recalled actively attempting to reach higher
levels of peripheral awareness because their context was one in
which they interacted with the system. With respect to the theme
"Internal Bodily Signals Observed by Users," participants reported
feeling greater awareness of their internal states as a result. Since
we understand that PsiNet could alter participants’ conscious expe-
riences by changing how they interact with their environment, we
reason that it may lead to participants feeling greater awareness
of their internal or external states. This does not mean that PsiNet
stimulations directly cause this heightened awareness. It is possi-
ble that simply knowing that the system could lead to changes in
awareness may have caused users to act in accordance with this

knowledge and fulfill a kind of placebo effect. In interviews, partic-
ipants reported that, while using PsiNet, they discussed how they
were feeling more than they usually would. It may be that simply
knowing that other users were sharing a similar experience and
exhibiting heightened awareness may have produced a feedback
loop in which all users felt drawn to participate in this heightened
awareness.

The theme of relational interaction is similar to the theme "Pas-
sivity and Self-Exploration" from Inter-Dream [71], which involved
projecting brain-waves onto walls in addition to streaming them to
a VR headset. Participants reported alternating between feelings
of passivity and playful exploration. In a similar way, participants
who used PsiNet reported feeling sometimes as though the sys-
tem operated passively in the background, particularly when the
participant was alone or focusing on a particular task. In contrast,
participants also reported experiencing feelings of engagement,
play, and silliness, particularly when operating PsiNet in proximity
with other users. Clearly, context impacted how participants expe-
rienced PsiNet, whether it was a context appropriate for play, for
social interaction, for solitude, or for work. In each context, PsiNet
served different purposes, which include but are not limited to:
helping to improve group performance in shared tasks; promoting
individuals to be mindful of the presence of others when interacting
in a group; or providing a feeling of connectedness with others
even when alone.

6.3 Design tactics
After reflecting upon the discussion of our results, we translated
the knowledge contributed by each theme into actionable advice.
Specifically, each theme yielded a corresponding design tactic, with
themes and tactics being presented in the same order. We contribute
these design tactics to HCI practitioners, developers of wearable
BBI systems, and designers of inter-brain synchrony experiences to
better guide their own forays into research. We also acknowledge
that these preliminary tactics represent only an initial attempt to
guide developers interested in the design of wearable BBI systems
for inter-brain synchrony, serving as a place to start. As such, these
are not the only possible design tactics and future research on this
topic will likely yield additional design tactics, providing further
guidance.

6.3.1 Tactic 1. Consider designing technologies favoring implicit in-
teractions for inter-brain synchrony. We recommend that designers
consider designing brain-to-brain interfaces that avoid direct hu-
man input and instead favor implicit interactions [59, 100]. This
could involve ensuring that systems do not require users’ direct
attention or cognitive capacities. For example, our system did not
require responses to notifications. Instead, our system acted au-
tonomously; automatically taking in electrical activity as input and
adapting to the users through reinforcement learning. This tactic is
congruent with the idea of “mindless computing” [1], referencing
technologies that do not require explicit user attention. Studies
found that such technologies can still result in subtle changes in be-
havior, of which the user is unaware, while potentially overcoming
the limitations of technologies that require their users to divide cog-
nitive capacities and attention through controlling the system [21].
For PsiNet-like systems, we specifically suggest passive BCI input
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paradigms (e.g. state classifications and observations of Synchroni-
sation/Desynchronisation related potentials), rather than active (e.g.
motor imagery) and reactive (e.g. steady-state evoked potentials)
based BCI paradigms. One example would be using synchronisa-
tion/desynchronisation related potentials indicative of sleep onset
as an input signal, which triggers slow-wave tACS oscillations as
an output in another user.

6.3.2 Tactic 2: Consider developing seamless bodily integration for
unobtrusive operation. For those motivated to design wearable inter-
brain synchrony BBI’s, we recommend improving the comfort and
portability of wearable technologies so that they might be used in
more contexts and for longer periods of time. This design tactic
will also improve the temporal resolution of data for researchers
and industry. Previous studies [52] suggested that unobtrusive
systems—those that can be operated without the user’s attention
and employed when the user is not focused on the interactive
device—can facilitate experiences of inter-brain synchrony. Ap-
plying this design approach to brain-to-brain interfaces, it can be
argued that inter-brain synchrony promoted by an unobtrusive
interface may allow users to experience their contribution to group
synchrony as something generated by themselves, not something
mediated through technology. This experience would ultimately al-
low for an empowering experience of user agency, where amplified
inter-brain synchronymay be perceived as a natural process of their
body [59]. In practice, this idea taken to its logical conclusion would
be to favour radically bodily integrative designs such as brain im-
plants. However, we acknowledge that currently, it is not desirable,
nor economically and socially possible for the majority to access
brain implants for non-clinical applications, and instead consider
how seamless bodily integration can be achieved non-invasively.
Electronic tattoos represent an opportunity for bringing the system
much closer to the human body by limiting much of the system’s
factor to the user’s skin. Alternatively, another approach could be
to consider headwear that may be congruent with the application
domain or context the system is being used in (e.g., embedding a
PsiNet-like system into gaming headphones for an e-sports team).

6.3.3 Tactic 3. Consider designing user-controllable system adapt-
ability for transparency and consent. We saw that PsiNet provided
different uses in different contexts, including facilitating play and
stimulating curiosity, enabling connectedness with others, increas-
ing awareness of self and the environment, and possibly assisting
work. However, P1 stated that they felt the system could be intru-
sive when they were trying to concentrate and “you’re not really
open to disruptive inputs.” Indeed, trying to force a playful experi-
ence within a work context seems inappropriate. It may, therefore,
be beneficial to provide users with options that allow them to tailor
the system for appropriate use in different contexts such as play,
social interaction, and work. For example, this could mean allowing
users performing a similar activity to set agreed-upon stimulation
settings in accordance with what they think may be appropriate
(e.g., disabling stimulations that may hinder someone’s ability to
concentrate while they are working). Another suggestion would
be allowing users to set times in the day when they are open to
receiving stimulations (and times when they are not). This capacity

to limit is important as it gives users the power to consent to the ex-
perience (or not), including defining what consent means for them
in different contexts and them having the discretion to change that.

7 LIMITATIONS AND FUTUREWORK
We believe our work could be complemented by further studies
that include more controlled experimental approaches focusing on
statistical power and efficacy, contrasting our longitudinal and ex-
perientially focused approach. Due to the in-the-wild study design
adopted, the presence of experimental control or a placebo group
was sacrificed to allow for real-world, naturalistic, and authentic
interactions between the participants and PsiNet. We do this fol-
lowing a well-established HCI research methodology employed in
many similar studies, in which human interactions with technolo-
gies, and the experiences they afford, are qualitatively analysed in
their naturalistic setting [15, 19, 34, 49, 50, 56, 64, 65]. While this
approach imposed a limitation on how precisely we could evaluate
PsiNet’s efficacy in promoting inter-brain synchrony, we gained
access to detailed first-person accounts and insights into the user
experience of brain-to-brain interfaces, specifically those focused
on inter-brain synchrony, which has helped to understand this
emerging technology from a subjective experiential perspective.
We acknowledge that our study may have been impacted by ex-
perimenter bias through the use of autoethnographic exploration
of tES stimulation to inform the system’s design, and subsequent
evaluation of participant experiences, and future studies may wish
to utilise double-blind study designs in future evaluations of the
effects of neuromodulation in brain-to-brain interfaces. We argue
the use of autoethnography was a necessary step in the design of
the system, due to the extreme novelty of designing an interactive
experience through brain stimulation. It would have been difficult
and possibly even counterproductive to design a system so distinct
from contemporary interaction paradigms and metaphors without
ourselves having a first person experience and understanding to
serve as a starting point. Nonetheless, in all research it is difficult
for researchers to separate their own expectations (from their own
experiences or informed by past research) of an experience, from
the ones studied in their participants. However, such biases can be
addressed in part through more rigorous double-blind experimental
studies, which is beyond the scope of our present study considering
its in the wild nature. That said, future studies may benefit from a
more experimentally controlled exploration of the user experience
of systems such as PsiNet, including researchers naive to the expe-
rience of tES stimulation, or with studies including a double-blind
procedure.

In addition, future studies could consider how the situational
context or activities being performed by participants might alter
measures of inter-brain synchrony. While our study was designed
to mitigate the effect of situational context and activity on read-
ings of inter-brain synchrony, additional work could investigate
differences in neural synchrony in different contexts. For exam-
ple, studies could compare groups of individuals when they are
together and when they are apart, or whether shifts in inter-brain
synchrony are different across groups participating in the same
activities (for example, where all participants engage in a team
sport together) versus groups participating in different activities.
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Given that our study group members were either family members
or close roommates, it would also be interesting to investigate users
who are not familiar with each other. An additional direction for
future work would be the consideration of alternative tES stim-
ulations. While much of the stimulation in this study was tDCS,
there has been many recent developments in the use of tACS stim-
ulations to induce neural entrainment [94]. While less researched
than tDCS, neural entrainment from tACS can allow for generating
more varied and pronounced neurodynamic effects, such as the
induction of slow-wave oscillations associated with sleep and med-
itative states of consciousness [97]. Furthermore, tACS could also
be used non-categorically if a stimulation paradigm were adopted
in which stimulatory oscillation in one user matched endogenous
brain oscillations in another, hypothetically allowing for dynamic
brainwave synchronization without needing to preemptively cate-
gorize mental states for classification. In the same vein, it would
also be beneficial for future lab-controlled studies to assess and
compare the individual efficacy of each stimulation type in relation
to its contribution toward inter-brain synchrony. In addition, while
the circular correlation coefficient was the metric chosen for mea-
suring inter-brain synchrony in the present study, future studies
may consider alternative measures of inter-brain synchrony, for
example, phase lock value, which has also been used to measure
inter-brain synchrony in the past [17]. The cross-validation of syn-
chrony scores with the user experience of inter-brain synchrony
was also not performed in our study, and would be of value to future
studies, to establish the validity of circular correlation or other syn-
chrony metrics as measures of inter-brain synchrony. This could be
done through evaluating the consistency between synchrony scores
and a metric of experienced inter-brain synchrony as reported by
participants. However, quantitative metrics of experiential inter-
brain synchrony have not been well-explored, though are likely
associated with social factors like group affinity [25], identification
[91] or interactions [42] found in various scales and questionnaires.

Finally, we note that all participants mentioned that the OpenBCI
headset was uncomfortable to wear, describing it as heavy, and the
dry EEG electrodes as spikey. Many participants described how
while they found the experience to be mostly positive, they were
relieved to take the system off at the end of their session as they
began to feel fatigued from the stain generated by the pain of the dry
EEG electrodes and the weight of the system overall. This may have
been the biggest factor driving the discrepancy between the amount
of time we hoped the participants would wear the system (15 hours),
and the amount of time they actually wore it on average (3.8 hours).
With that said, we suggest that future BBI studies in-the-wild would
do well to spend significant effort in reducing the system’s form
factor and increasing wearability. One way to do this would be to
employ conductive silicone dry electrodes, which while relatively
new, we believe will become more common for BCI systems as
their signal quality meets that of traditional gold cup paste-based
electrodes. Furthermore, we also suggest embedding the system
into headwear that is typically worn for extended periods (e.g. a
beanie) rather than the OpenBCI 3D printed Ultracortex frame, in
order to reduce form factor and weight.

8 CONCLUSION
In this paper, we argue that brain-to-brain interfaces present an
opportunity for the ubiquitous augmentation of inter-brain syn-
chrony in-the-wild. Informed by related work on brain-to-brain
interfaces and inter-brain synchrony-based systems, we designed
PsiNet. PsiNet is the first networked system of wearable brain-to-
brain interfaces designed to increase inter-brain synchrony between
individuals through sensing and actuating brain activity.We studied
PsiNet in-the-wild, deploying the system to households of partici-
pant groups who engaged in unrestricted, open-ended use of the
system. Through this work, we contribute an understanding of the
experience of inter-brain synchrony BBI systems in-the-wild in
the form of three themes (dissolution of self, hyper-awarness, and
relational interaction), which will help HCI theorists to articulate
brain-to-brain interface experiences. Additionally, we propose three
design tactics gained through our craft knowledge and experience
gained through developing PsiNet and reflection on the results of
the present study, to guide designers of future brain-to-brain inter-
faces with actionable recommendations. We also contribute PsiNet
itself as a case example of how to design a brain-to-brain interface
for promoting inter-brain synchrony that can be deployed in-the-
wild with scalable user group sizes. Ultimately, it is our aim that this
work advances HCI’s understanding of designing for inter-brain
synchrony and guides the design of brain-to-brain interfaces to-
ward a technological future where BBI’s are a medium for fostering
human connection.

REFERENCES
[1] Alexander T Adams, Jean Costa, Malte F Jung, and Tanzeem Choudhury. 2015.

Mindless computing: designing technologies to subtly influence behavior. In
Proceedings of the 2015 ACM International Joint Conference on Pervasive and
Ubiquitous Computing. 719–730.

[2] Abeer Al-Nafjan, Manar Hosny, Yousef Al-Ohali, and Areej Al-Wabil. 2017.
Review and classification of emotion recognition based on EEG brain-computer
interface system research: a systematic review. Applied Sciences 7, 12 (2017),
1239.

[3] Soraia M Alarcao and Manuel J Fonseca. 2017. Emotions recognition using
EEG signals: A survey. IEEE Transactions on Affective Computing 10, 3 (2017),
374–393.

[4] Zaid Abdi Alkareem Alyasseri, Ahamad Tajudin Khader, and Mohammed Azmi
Al-Betar. 2017. Electroencephalogram signals denoising using various mother
wavelet functions: A comparative analysis. In Proceedings of the International
Conference on Imaging, Signal Processing and Communication. 100–105.

[5] Josh Andres, mc schraefel, Nathan Semertzidis, Brahmi Dwivedi, Yutika C
Kulwe, Juerg von Kaenel, and Florian Floyd Mueller. 2020. Introducing Periph-
eral Awareness as a Neurological State for Human-computer Integration. In
Proceedings of the 2020 CHI Conference on Human Factors in Computing Systems.
1–13.

[6] Pavlo Antonenko, Fred Paas, Roland Grabner, and Tamara Van Gog. 2010. Using
electroencephalography to measure cognitive load. Educational Psychology
Review 22, 4 (2010), 425–438.

[7] Laura Astolfi, Jlenia Toppi, Fabrizio De Vico Fallani, Giovanni Vecchiato,
Serenella Salinari, Donatella Mattia, Febo Cincotti, and Fabio Babiloni. 2010.
Neuroelectrical hyperscanning measures simultaneous brain activity in humans.
Brain topography 23, 3 (2010), 243–256.

[8] Hamed Azami, KarimMohammadi, and Behzad Bozorgtabar. 2012. An improved
signal segmentation using moving average and Savitzky-Golay filter. (2012).

[9] Amit Barde, Nastaran Saffaryazdi, PawanWithana, Nakul Patel, Prasanth Sasiku-
mar, and Mark Billinghurst. 2019. Inter-Brain Connectivity: Comparisons be-
tween Real and Virtual Environments using Hyperscanning. In 2019 IEEE Inter-
national Symposium on Mixed and Augmented Reality Adjunct (ISMAR-Adjunct).
IEEE, 338–339.

[10] Julia C Basso, Medha K Satyal, and Rachel Rugh. 2021. Dance on the Brain:
Enhancing Intra-and Inter-Brain Synchrony. Frontiers in Human Neuroscience
14 (2021), 586.

[11] Dana Bevilacqua, Ido Davidesco, Lu Wan, Kim Chaloner, Jess Rowland,
Mingzhou Ding, David Poeppel, and Suzanne Dikker. 2019. Brain-to-brain



CHI ’24, May 11–16, 2024, Honolulu, HI, USA Semertzidis, et al.

synchrony and learning outcomes vary by student–teacher dynamics: Evidence
from a real-world classroom electroencephalography study. Journal of cognitive
neuroscience 31, 3 (2019), 401–411.

[12] Hayfa Blaiech, Mohamed Neji, Ali Wali, and Adel M Alimi. 2013. Emotion
recognition by analysis of EEG signals. In 13th International Conference on
Hybrid Intelligent Systems (HIS 2013). IEEE, 312–318.

[13] Kirsten Boehner, Rogério DePaula, Paul Dourish, and Phoebe Sengers. 2005.
Affect: from information to interaction. In Proceedings of the 4th decennial
conference on Critical computing: between sense and sensibility. 59–68.

[14] Kirsten Boehner, Rogério DePaula, Paul Dourish, and Phoebe Sengers. 2007.
How emotion is made and measured. International Journal of Human-Computer
Studies 65, 4 (2007), 275–291.

[15] Roger Boldu, Alexandru Dancu, Denys JC Matthies, Thisum Buddhika, Shamane
Siriwardhana, and Suranga Nanayakkara. 2018. Fingerreader2. 0: Designing
and evaluating a wearable finger-worn camera to assist people with visual
impairments while shopping. Proceedings of the ACM on Interactive, Mobile,
Wearable and Ubiquitous Technologies 2, 3 (2018), 1–19.

[16] Barry Brown, Stuart Reeves, and Scott Sherwood. 2011. Into the wild: challenges
and opportunities for field trial methods. In Proceedings of the SIGCHI conference
on human factors in computing systems. 1657–1666.

[17] Adrian Philip Burgess. 2013. On the interpretation of synchronization in EEG
hyperscanning studies: a cautionary note. Frontiers in human neuroscience 7
(2013), 881.

[18] Keith A Bush, Anthony Privratsky, Jonathan Gardner, Melissa J Zielinski, and
Clinton D Kilts. 2018. Common functional brain states encode both perceived
emotion and the psychophysiological response to affective stimuli. Scientific
reports 8, 1 (2018), 1–10.

[19] Roger Boldu Busquets. 2018. Revealing Inaccessible Information on-the-go, by
Augmenting Humans. In Proceedings of the 2018 ACM International Joint Confer-
ence and 2018 International Symposium on Pervasive and Ubiquitous Computing
and Wearable Computers. 1802–1804.

[20] Erin N Cannon, Elizabeth A Simpson, Nathan A Fox, Ross E Vanderwert,
Amanda L Woodward, and Pier F Ferrari. 2016. Relations between infants’
emerging reach-grasp competence and event-related desynchronization in EEG.
Developmental Science 19, 1 (2016), 50–62.

[21] Jean Costa, Alexander T Adams, Malte F Jung, François Guimbretière, and
Tanzeem Choudhury. 2016. EmotionCheck: leveraging bodily signals and false
feedback to regulate our emotions. In Proceedings of the 2016 ACM International
Joint Conference on Pervasive and Ubiquitous Computing. 758–769.

[22] Ian Daly, Josef Faller, Reinhold Scherer, Catherine M Sweeney-Reed, Slawomir J
Nasuto, Martin Billinger, and Gernot R Müller-Putz. 2014. Exploration of the
neural correlates of cerebral palsy for sensorimotor BCI control. Frontiers in
neuroengineering 7 (2014), 20.

[23] Ana Carolina Gomes de Almeida Albuquerque, Bruno Ferreira Viana, Paulo
José Guimarães Da-Silva, and Maurício Cagy. 2019. Event-Related Synchroniza-
tion and Desynchronization in Virtual-Reality Ball Interception Protocol. In
XXVI Brazilian Congress on Biomedical Engineering. Springer, 219–224.

[24] Suzanne Dikker, Sean Montgomery, and Suzan Tunca. 2019. Using synchrony-
based neurofeedback in search of human connectedness. In Brain Art. Springer,
161–206.

[25] Y Dunham and JJ Van Bavel. 2016. The Group Affinity Scale: A generalized
measure of group-based affiliation. Unpublished manuscript (2016).

[26] Fabrizio De Vico Fallani, Vincenzo Nicosia, Roberta Sinatra, Laura Astolfi, Febo
Cincotti, Donatella Mattia, Christopher Wilke, Alex Doud, Vito Latora, Bin He,
et al. 2010. Defecting or not defecting: how to “read” human behavior during
cooperative games by EEG measurements. PloS one 5, 12 (2010), e14187.

[27] Frank A Fishburn, Vishnu P Murty, Christina O Hlutkowsky, Caroline E
MacGillivray, Lisa M Bemis, Meghan E Murphy, Theodore J Huppert, and Su-
san B Perlman. 2018. Putting our heads together: interpersonal neural synchro-
nization as a biological mechanism for shared intentionality. Social cognitive
and affective neuroscience 13, 8 (2018), 841–849.

[28] Diogo RR Freitas, Ana VM Inocêncio, Lucas T Lins, Emmanuel AB Santos, and
Marco A Benedetti. 2019. A Real-Time Embedded System Design for ERD/ERS
Measurement on EEG-Based Brain-Computer Interfaces. In XXVI Brazilian
Congress on Biomedical Engineering. Springer, 25–33.

[29] Shree Hari Gautam, Thanh T Hoang, Kylie McClanahan, Stephen K Grady, and
Woodrow L Shew. 2015. Maximizing sensory dynamic range by tuning the
cortical state to criticality. PLoS computational biology 11, 12 (2015), e1004576.

[30] Pavel Goldstein, Irit Weissman-Fogel, Guillaume Dumas, and Simone G Shamay-
Tsoory. 2018. Brain-to-brain coupling during handholding is associated with
pain reduction. Proceedings of the national academy of sciences 115, 11 (2018),
E2528–E2537.

[31] Carles Grau, Romuald Ginhoux, Alejandro Riera, Thanh Lam Nguyen, Hubert
Chauvat, Michel Berg, Julià L Amengual, Alvaro Pascual-Leone, and Giulio
Ruffini. 2014. Conscious brain-to-brain communication in humans using non-
invasive technologies. PloS one 9, 8 (2014), e105225.

[32] Ihshan Gumilar, Ekansh Sareen, Reed Bell, Augustus Stone, Ashkan Hayati,
Jingwen Mao, Amit Barde, Anubha Gupta, Arindam Dey, Gun Lee, et al. 2020.

A comparative study on inter-brain synchrony in real and virtual environments
using hyperscanning. Computers & Graphics 94 (2020), 62–75.

[33] Ihshan Gumilar, Ekansh Sareen, Reed Bell, Augustus Stone, Ashkan Hayati,
Jingwen Mao, Amit Barde, Anubha Gupta, Arindam Dey, Gun Lee, et al. 2021.
A comparative study on inter-brain synchrony in real and virtual environments
using hyperscanning. Computers & Graphics 94 (2021), 62–75.

[34] Sabrina Hauser, Ron Wakkary, William Odom, Peter-Paul Verbeek, Audrey
Desjardins, Henry Lin, Matthew Dalton, Markus Schilling, and Gijs De Boer.
2018. Deployments of the table-non-table: A Reflection on the Relation Between
Theory and Things in the Practice of Design Research. In Proceedings of the 2018
CHI Conference on Human Factors in Computing Systems. 1–13.

[35] Tuija Hiltunen, Jussi Kantola, Ahmed Abou Elseoud, Pasi Lepola, Kalervo Suomi-
nen, Tuomo Starck, Juha Nikkinen, Jukka Remes, Osmo Tervonen, Satu Palva,
et al. 2014. Infra-slow EEG fluctuations are correlated with resting-state network
dynamics in fMRI. Journal of Neuroscience 34, 2 (2014), 356–362.

[36] Hannah M Hobson and Dorothy VM Bishop. 2017. The interpretation of mu
suppression as an index of mirror neuron activity: past, present and future.
Royal Society Open Science 4, 3 (2017), 160662.

[37] Hamed Honari, Ann S Choe, and Martin A Lindquist. 2021. Evaluating phase
synchronization methods in fMRI: A comparison study and new approaches.
NeuroImage 228 (2021), 117704.

[38] Noura Howell, Laura Devendorf, Tomás Alfonso Vega Gálvez, Rundong Tian,
and Kimiko Ryokai. 2018. Tensions of data-driven reflection: A case study of
real-time emotional biosensing. In Proceedings of the 2018 CHI Conference on
Human Factors in Computing Systems. 1–13.

[39] Yi Hu, Yafeng Pan, Xinwei Shi, Qing Cai, Xianchun Li, and Xiaojun Cheng. 2018.
Inter-brain synchrony and cooperation context in interactive decision making.
Biological psychology 133 (2018), 54–62.

[40] S Rao Jammalamadaka and Ambar Sengupta. 2001. Topics in circular statistics.
Vol. 5. world scientific.

[41] Linxing Jiang, Andrea Stocco, Darby M Losey, Justin A Abernethy, Chantel S
Prat, and Rajesh PN Rao. 2019. BrainNet: a multi-person brain-to-brain interface
for direct collaboration between brains. Scientific reports 9, 1 (2019), 1–11.

[42] Kimberly Debra Kalish. 2001. Psychometric properties of the Social Interactions
Questionnaire (SIQ) in an older adult sample. West Virginia University.

[43] K Kato, H Kadokura, T Kuroki, and A Ishikawa. 2019. Event-Related Synchro-
nization/Desynchronization in Neural Oscillatory Changes Caused by Implicit
Biases of Spatial Frequency in Electroencephalography. InWorld Congress on
Medical Physics and Biomedical Engineering 2018. Springer, 175–178.

[44] Saleha Khatun, Ruhi Mahajan, and Bashir I Morshed. 2015. Comparative anal-
ysis of wavelet based approaches for reliable removal of ocular artifacts from
single channel EEG. In 2015 IEEE International Conference on Electro/Information
Technology (EIT). IEEE, 335–340.

[45] Sivan Kinreich, Amir Djalovski, Lior Kraus, Yoram Louzoun, and Ruth Feldman.
2017. Brain-to-brain synchrony during naturalistic social interactions. Scientific
Reports 7, 1 (2017), 1–12.

[46] Alexis Kirke and Eduardo R Miranda. 2011. Combining EEG frontal asymmetry
studies with affective algorithmic composition and expressive performance
models. In ICMC.

[47] Andi Kivinukk and Gert Tamberg. 2007. On Blackman-Harris Windows for
Shannon Sampling Series. Sampling Theory in Signal & Image Processing 6, 1
(2007).

[48] Wolfgang Klimesch, Hannes Schimke, Michael Doppelmayr, Barbara Ripper,
Josef Schwaiger, and Gerd Pfurtscheller. 1996. Event-related desynchronization
(ERD) and the Dm effect: does alpha desynchronization during encoding predict
later recall performance? International journal of psychophysiology 24, 1-2 (1996),
47–60.

[49] Marion Koelle, Swamy Ananthanarayan, and Susanne Boll. 2020. Social ac-
ceptability in HCI: A survey of methods, measures, and design strategies. In
Proceedings of the 2020 CHI Conference on Human Factors in Computing Systems.
1–19.

[50] Jan Kučera. 2017. Calm displays. In Proceedings of the 2017 ACM International
Joint Conference on Pervasive and Ubiquitous Computing and Proceedings of the
2017 ACM International Symposium on Wearable Computers. 355–359.

[51] Ja Y Lee, Kristen A Lindquist, and Chang S Nam. 2017. Emotional granularity
effects on event-related brain potentials during affective picture processing.
Frontiers in Human Neuroscience 11 (2017), 133.

[52] Zhuying Li, Yan Wang, Wei Wang, Weikang Chen, Ti Hoang, Stefan Greuter,
and Florian Floyd Mueller. 2019. HeatCraft: Designing Playful Experiences with
Ingestible Sensors via Localized Thermal Stimuli. In Proceedings of the 2019 CHI
Conference on Human Factors in Computing Systems. 1–12.

[53] Seokbeen Lim, Mina Yeo, and Gilwon Yoon. 2019. Comparison between Con-
centration and Immersion Based on EEG Analysis. Sensors 19, 7 (2019), 1669.

[54] Pedro Lopes, Josh Andres, Richard Byrne, Nathan Semertzidis, Zhuying Li,
Jarrod Knibbe, Stefan Greuter, et al. 2021. Towards understanding the design of
bodily integration. International Journal of Human-Computer Studies 152 (2021),
102643.



PsiNet: Toward Understanding the Design of Brain-to-Brain Interfaces for Augmenting Inter-Brain Synchrony CHI ’24, May 11–16, 2024, Honolulu, HI, USA

[55] Fabien Lotte, Laurent Bougrain, Andrzej Cichocki, Maureen Clerc, Marco Con-
gedo, Alain Rakotomamonjy, and Florian Yger. 2018. A review of classification
algorithms for EEG-based brain–computer interfaces: a 10 year update. Journal
of neural engineering 15, 3 (2018), 031005.

[56] Lucas M. Silva and Daniel A. Epstein. 2021. Investigating Preferred Food De-
scription Practices in Digital Food Journaling. In Designing Interactive Systems
Conference 2021. 589–605.

[57] Moona Mazher, Azrina Abd Aziz, Aamir Saeed Malik, and Hafeez Ullah Amin.
2017. An EEG-based cognitive load assessment in multimedia learning using
feature extraction and partial directed coherence. IEEE Access 5 (2017), 14819–
14829.

[58] Christian Meisel, Andreas Klaus, Christian Kuehn, and Dietmar Plenz. 2015.
Critical slowing down governs the transition to neuron spiking. PLoS Comput
Biol 11, 2 (2015), e1004097.

[59] Florian Floyd Mueller, Pedro Lopes, Paul Strohmeier, Wendy Ju, Caitlyn Seim,
Martin Weigel, Suranga Nanayakkara, Marianna Obrist, Zhuying Li, Joseph
Delfa, et al. 2020. Next Steps for Human-Computer Integration. In Proceedings
of the 2020 CHI Conference on Human Factors in Computing Systems. 1–15.

[60] NCSS, LLC 2021. NCSS Statistical Software Documentation. NCSS, LLC,
Kaysville, Utah, USA. online URL https://www.ncss.com/software/ncss/ncss-
documentation/.

[61] Anton Nijholt. 2019. Brain Art: Brain-computer Interfaces for Artistic Expression.
Springer.

[62] Michael A Nitsche. 2003. Safety criteria for transcranial direct current stimula-
tion (tDCS) in humans. Clin Neurophysiol 114 (2003), 2220–2222.

[63] Yuna Noh, Seyun Kim, Young Jae Jang, and Yoonjin Yoon. 2021. Modeling
individual differences in driver workload inference using physiological data.
International journal of automotive technology 22, 1 (2021), 201–212.

[64] William Odom, Ron Wakkary, Ishac Bertran, Matthew Harkness, Garnet Hertz,
Jeroen Hol, Henry Lin, Bram Naus, Perry Tan, and Pepijn Verburg. 2018. At-
tending to slowness and temporality with olly and slow game: A design inquiry
into supporting longer-term relations with everyday computational objects. In
Proceedings of the 2018 CHI Conference on Human Factors in Computing Systems.
1–13.

[65] William Odom, MinYoung Yoo, Henry Lin, Tijs Duel, Tal Amram, and Amy
Yo Sue Chen. 2020. Exploring the reflective potentialities of personal data with
different temporal modalities: A field study of Olo radio. In Proceedings of the
2020 ACM Designing Interactive Systems Conference. 283–295.

[66] Guido Orgs, Jan-Henryk Dombrowski, Martin Heil, and Petra Jansen-Osmann.
2008. Expertise in dance modulates alpha/beta event-related desynchronization
during action observation. European Journal of Neuroscience 27, 12 (2008),
3380–3384.

[67] Yun Suen Pai, Ryo Hajika, Kunal Gupta, Prasanth Sasikumar, and Mark
Billinghurst. 2020. NeuralDrum: Perceiving Brain Synchronicity in XR Drum-
ming. In SIGGRAPH Asia 2020 Technical Communications. 1–4.

[68] M Pais-Vieira, M Lebedev, C Kunicki, J Wang, and MAL Nicolelis. 2013. A
brain-to-brain interface for real-time sharing of sensorimotor information. Sci
Rep.

[69] Rakesh Patibanda, Elise Van Den Hoven, and Florian’Floyd Mueller. 2022. To-
wards Understanding the Design of Body-Actuated Play. In Extended Abstracts
of the 2022 Annual Symposium on Computer-Human Interaction in Play. 388–391.

[70] G. Pfurtscheller. 1991. EEG Rhythms - Event-Related Desynchronization and
Synchronization. In Rhythms in Physiological Systems, Hermann Haken and
Hans Peter Koepchen (Eds.). Springer Berlin Heidelberg, Berlin, Heidelberg,
289–296.

[71] Gert Pfurtscheller, Brendan Z Allison, Günther Bauernfeind, Clemens Brunner,
Teodoro Solis Escalante, Reinhold Scherer, Thorsten O Zander, Gernot Mueller-
Putz, Christa Neuper, and Niels Birbaumer. 2010. The hybrid BCI. Frontiers in
neuroscience 4 (2010), 3.

[72] Valerio Raco, Robert Bauer, Mark Olenik, Diandra Brkic, and Alireza Gharabaghi.
2014. Neurosensory effects of transcranial alternating current stimulation. Brain
stimulation 7, 6 (2014), 823–831.

[73] Rafael Ramirez and Zacharias Vamvakousis. 2012. Detecting emotion from
EEG signals using the emotive epoc device. In International Conference on Brain
Informatics. Springer, 175–184.

[74] Diego A Reinero, Suzanne Dikker, and Jay J Van Bavel. 2020. Inter-brain syn-
chrony in teams predicts collective performance. Social Cognitive and Affective
Neuroscience 1 (2020), 14.

[75] Yvonne Rogers. 2011. Interaction design gone wild: Striving for wild theory.
interactions, 18 (4): 58–62. DOI 10, 1978822.1978834 (2011), 1.

[76] Johanna Sänger, Viktor Müller, and Ulman Lindenberger. 2012. Intra-and inter-
brain synchronization and network properties when playing guitar in duets.
Frontiers in human neuroscience 6 (2012), 312.

[77] Marten Scheffer, Jordi Bascompte, William A Brock, Victor Brovkin, Stephen R
Carpenter, Vasilis Dakos, Hermann Held, Egbert H Van Nes, Max Rietkerk, and
George Sugihara. 2009. Early-warning signals for critical transitions. Nature
461, 7260 (2009), 53–59.

[78] David Schubring and Harald T Schupp. 2019. Affective picture processing:
Alpha-and lower beta-band desynchronization reflects emotional arousal. Psy-
chophysiology 56, 8 (2019), e13386.

[79] Nathan Semertzidis, Michaela Scary, Josh Andres, Brahmi Dwivedi, Yutika Chan-
drashekhar Kulwe, Fabio Zambetta, and Florian Floyd Mueller. 2020. Neo-
Noumena: Augmenting Emotion Communication. In Proceedings of the 2020 CHI
Conference on Human Factors in Computing Systems. 1–13.

[80] M Severens, B Nienhuis, Peter Desain, and Jacques Duysens. 2012. Feasibility
of measuring event related desynchronization with electroencephalography
during walking. In 2012 Annual International Conference of the IEEE Engineering
in Medicine and Biology Society. IEEE, 2764–2767.

[81] Mohammad Shehata, Miao Cheng, Angus Leung, Naotsugu Tsuchiya, Daw-An
Wu, Chia-huei Tseng, Shigeki Nakauchi, and Shinsuke Shimojo. 2020. Team
flow is a unique brain state associated with enhanced information integration
and neural synchrony. (2020).

[82] N Clayton Silver andWilliam P Dunlap. 1987. Averaging correlation coefficients:
Should Fisher’s z transformation be used? Journal of Applied Psychology 72, 1
(1987), 146.

[83] Nishant Sinha, Tomasz Maszczyk, Zhang Wanxuan, Jonathan Tan, and Justin
Dauwels. 2016. EEG hyperscanning study of inter-brain synchrony during
cooperative and competitive interaction. In 2016 IEEE International Conference
on Systems, Man, and Cybernetics (SMC). IEEE, 004813–004818.

[84] Luke Stark. 2018. Algorithmic psychometrics and the scalable subject. Social
Studies of Science 48, 2 (2018), 204–231.

[85] Luke Stark and Kate Crawford. 2015. The conservatism of emoji: Work, affect,
and communication. Social Media+ Society 1, 2 (2015), 2056305115604853.

[86] Chayanin Tangwiriyasakul, Rens Verhagen, Michel JAM van Putten, and
Wim LC Rutten. 2013. Importance of baseline in event-related desynchro-
nization during a combination task of motor imagery and motor observation.
Journal of Neural Engineering 10, 2 (2013), 026009.

[87] Madiha Tariq, Pavel M Trivailo, and Milan Simic. 2020. Mu-Beta event-related
(de) synchronization and EEG classification of left-right foot dorsiflexion ki-
naesthetic motor imagery for BCI. Plos one 15, 3 (2020), e0230184.

[88] Giulio Tononi, Melanie Boly, Marcello Massimini, and Christof Koch. 2016.
Integrated information theory: from consciousness to its physical substrate.
Nature Reviews Neuroscience 17, 7 (2016), 450–461.

[89] Kathrin S Utz, Violeta Dimova, Karin Oppenländer, and Georg Kerkhoff. 2010.
Electrified minds: transcranial direct current stimulation (tDCS) and galvanic
vestibular stimulation (GVS) as methods of non-invasive brain stimulation in
neuropsychology—a review of current data and future implications. Neuropsy-
chologia 48, 10 (2010), 2789–2810.

[90] Ana Lucía Valencia and Tom Froese. 2020. What binds us? Inter-brain neu-
ral synchronization and its implications for theories of human consciousness.
Neuroscience of Consciousness 2020, 1 (2020), niaa010.

[91] Jay J Van Bavel and William A Cunningham. 2012. A social identity approach
to person memory: Group membership, collective identification, and social role
shape attention and memory. Personality and Social Psychology Bulletin 38, 12
(2012), 1566–1578.

[92] Ingrid A van de Leemput, Marieke Wichers, Angélique OJ Cramer, Denny
Borsboom, Francis Tuerlinckx, Peter Kuppens, Egbert H van Nes, Wolfgang
Viechtbauer, Erik J Giltay, Steven H Aggen, et al. 2014. Critical slowing down
as early warning for the onset and termination of depression. Proceedings of the
National Academy of Sciences 111, 1 (2014), 87–92.

[93] Sampsa Vanhatalo, Juha Voipio, and Kai Kaila. 2005. Full-band EEG (FbEEG): an
emerging standard in electroencephalography. Clinical Neurophysiology 116, 1
(2005), 1–8.

[94] J Vosskuhl, D Strüber, and CS Herrmann. 2015. Transcranial alternating current
stimulation. Entrainment and function control of neuronal networks. Der
Nervenarzt 86, 12 (2015), 1516–1522.

[95] Bo Wan, Chi Vi, Sriram Subramanian, and Diego Martinez Plasencia. 2016. En-
hancing Interactivity with Transcranial Direct Current Stimulation. In Compan-
ion Publication of the 21st International Conference on Intelligent User Interfaces.
41–44.

[96] Xiao-Jing Wang. 2006. Neural oscillations. Encyclopedia of cognitive science
(2006).

[97] Kristine A Wilckens, Fabio Ferrarelli, Matthew P Walker, and Daniel J Buysse.
2018. Slow-wave activity enhancement to improve cognition. Trends in Neuro-
sciences 41, 7 (2018), 470–482.

[98] Adam J Woods, A Antal, Marom Bikson, Paulo S Boggio, André R Brunoni,
Pablo Celnik, Leonardo G Cohen, Felipe Fregni, Christoph S Herrmann, Emily S
Kappenman, et al. 2016. A technical guide to tDCS, and related non-invasive
brain stimulation tools. Clinical neurophysiology 127, 2 (2016), 1031–1048.

[99] Seung-Schik Yoo, Hyungmin Kim, Emmanuel Filandrianos, Seyed Javid Tagha-
dos, and Shinsuk Park. 2013. Non-invasive brain-to-brain interface (BBI): estab-
lishing functional links between two brains. PloS one 8, 4 (2013), e60410.

[100] Thorsten O Zander, Jonas Brönstrup, Romy Lorenz, and Laurens R Krol. 2014. To-
wards BCI-based implicit control in human–computer interaction. In Advances
in Physiological Computing. Springer, 67–90.



CHI ’24, May 11–16, 2024, Honolulu, HI, USA Semertzidis, et al.

[101] Mingming Zhang, Huibin Jia, Mengxue Zheng, and Tao Liu. 2021. Group
decision-making behavior in social dilemmas: Inter-brain synchrony and the

predictive role of personality traits. Personality and Individual Differences 168
(2021), 110315.


	Abstract
	1 Introduction
	2 Related Work
	2.1 Learning from brain-to-brain interfaces
	2.2 Brain-computer interfaces for inter-brain synchrony
	2.3 Opportunity for inter-brain synchrony brain-to-brain interfaces

	3 PSINET
	3.1 System architecture
	3.2 Preprocessing and noise reduction
	3.3 Classifying brain activity
	3.4 Weight matrix calculations
	3.5 tES stimulation
	3.6 Measuring inter-brain neural synchrony
	3.7 Preventing trivial observations of inter-brain neural synchrony

	4 Method
	4.1 Participants
	4.2 Procedure

	5 Results
	5.1 Quantitative analysis of inter-brain synchrony
	5.2 Qualitative analysis of user experience

	6 Discussion
	6.1 Discussion of quantitative results
	6.2 Discussion of qualitative results
	6.3 Design tactics

	7 Limitations and Future Work
	8 Conclusion
	References

